




UNIVERSIDADE FEDERAL DE SÃO PAULO  




































UNIVERSIDADE FEDERAL DE SÃO PAULO  




















Trabalho de Conclusão de Curso – TCC, 
apresentado à Escola Paulista de Política, 
Economia e Negócios – EPPEN, da Universidade 
Federal de São Paulo, como requisito para 
obtenção do título de Bacharel em Administração. 
 








































A todos que colaboraram para esta pesquisa respondendo o questionário, levantando 
debates sobre o tema, permitindo o uso de suas imagens para o trabalho, apoiando e dando 
suporte na realização e conclusão deste curso. 
Ao Flávio, cujo companheirismo, cuidado e incentivo foram essenciais ao longo da 
minha graduação e da elaboração deste trabalho. 
À Ariadne, por toda a compreensão, acolhimento e empatia. 
À UNIFESP, às instituições estudantis das quais tenho honra de ter participado, aos 
docentes que conquistaram minha admiração e carinho, e principalmente ao meu orientador 
Prof. Luis Hernan pela inacreditável disposição e motivação, por acreditar em mim e me ajudar 














































In this paper, the author seeked to investigate the influence Instagram has on individuals’ lives 
on social interaction and, consequently, the relationships of this influence with mental health 
during the COVID-19 pandemic. A survey was conducted with 757 respondents and its data 
analyzed through exploratory factor analysis and multiple linear regression. In analyzing the 
results, a cross-analysis of variables was performed for the descriptive part, and three 
multivariate phases: exploratory factor analysis, multiple regression, and analysis of the 
differences of means between groups. The findings pointed out that Instagram may worsen 
symptoms of social anxiety, loneliness, and dependence on use. Features such as posting 
content on Stories and use of cosmetic filters reported high incidence across mental health 
effects. Additionally, there is a positive correlation between some activities and behaviors 
envolving Shopping on Instagram, Social Anxieties and Problematic Social Media Use. 
Generation Z and millennials presented higher Anxiety and Compulsion levels. This research 
contributes to developing a psychometric analysis with four scales adapted to the mental health 
effects evidenced in the literature. In this study, we identified the components of each of the 
groups of scales to analyze the relationship among Instagram functionalities and each mental 
health effect and identify the relationship among factors that influence them. 
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Nowadays, social media platforms are one of the most popular and widely used 
applications on the Internet (Kırcaburun et al., 2019). Also known as social networking sites 
(or SNSs), they are websites and applications that allow users to edit and share content with 
networks (i.e., friends, acquaintances, etc.) built by themselves. According to Boyd & Ellison 
(2007), SNSs are Internet applications that allow people to create a public or semi-public profile 
inside a bounded system, interact with a list of other users, and view profiles of their list of 
connections and those made by others within the system. SNSs revolutionized the way people 
interact with each other. Its usage has dramatically increased in the decade, coinciding with the 
rise in adults who own smartphones – thus enabling social networking to happen anytime and 
anywhere. Users can access social media on different platforms (mobile or computer devices) 
for various activities. 
Social media affords multiple types of communication, enabling interactions among 
users through self-presentation and interpersonal exchanges (i.e., one-to-one messaging) or 
concurrently mass (i.e., one-to-many messaging). It can include meaningful exchanges such as 
messages inside social support groups or private sharing between close friends and family 
(Hayes et al., 2016). Although social media platforms can be used for positive purposes such 
as maintaining relationships, meeting new people, socializing, and informational and 
educational purposes, some individuals can also demonstrate problematic online behaviors that 
negatively impact them (Kırcaburun et al., 2019). 
The Uses and Gratifications approach settles that consumers are active in their choice 
of media and engage with certain technologies to fulfill specific needs. In general, gratification 
needs guide media consumption habits. Facebook, the best-established social media platform, 
is geared towards having fun and knowing what is going on in one’s social network, having 
two primary motivating factors of use: the need to belong and the need for self-presentation. Its 
photo-sharing and messaging functions have mainly been replaced by more specialized 
applications such as Instagram and Snapchat; both SNSs focused on sharing aesthetically-
filtered photos or videos. Though unclear what role these images play in attending specific 
needs, users share photos to gratify the need for affection and attention, social influence, habit, 
disclosure, and information sharing (Pittman & Reich, 2016). 
Initially released in 2010, Instagram was developed by entrepreneurs Kevin Systrom, 
an American computer programmer, and Mike Krieger, a Brazilian-American software 





in April 2012 for approximately US$ 1 billion. It is now one of the most-used social platforms 
(figure 1), with roughly 1.2 billion monthly active users. Instagram allows them to choose 
whom to follow, post photos and videos, search content and products, privately message with 
other users, amongst various other resources. Researchers have suggested that, in contrast with 
other SNSs, Instagram focuses more on self-presentation and promotion than maintaining and 
building relationships. The primary activity on Instagram is to share photos and short videos, 
which involves engaging in visual self-presentation, and viewing content from others (Dumas 
et al., 2017). 
 
 
  Figure 1: Ranking of social networks by popularity 







Previous studies on social media, particularly Facebook, have yielded mixed results but 
mainly highlighted negative implications of passive forms of SNS use (Lup et al., 2015). Some 
of Instagram’s features also characterize as passive SNS, making people more vulnerable to 
harmful mental health effects. The #StatusOfMind survey, published in 2017 by the United 
Kingdom’s Royal Society for Public Health, reported Instagram as the most detrimental social 
media platform after enquiring almost 1,500 young people about issues such as anxiety, 
depression, loneliness, sleep, body image, bullying, fear of missing out (FOMO), and others. 
However, as well as other SNSs, it received positive scores for self-identity, self-expression, 
community building, and emotional support. 
The World Health Organization (WHO), in 2018, indicated that in Brazil, 5.8% of the 
population (equivalent to 11.5 million people) suffered from depression linked to mental 
illnesses and 9.3% (equivalent to 18.6 million people) from anxiety disorders, based on 
excessive media consumption, which is higher than the world average of 4.4% (322 million 
people) for depression and 3.6% from anxiety disorder (263 million people). In Latin America 
and specifically in Brazil, few studies have been done on the use of the Internet related to mental 
health problems (Vasconcelos et al., 2015).  
This study was conducted during the COVID-19 crisis, gathering voluntary participation 
from December 19th, 2020, to February 2nd, 2021. It is important to note that this is commonly 
a period of holidays, travels, and social gatherings. However, the social isolation brought by 
the pandemic forced people to stay at home and turn more than ever to the Internet for social 
interaction. In this context in which the coronavirus pandemic boosted social media usage 
globally, asides from aiding in disseminating educational content and information about 
COVID-19, SNSs have become an important tool to bring people closer while they cannot meet 
physically.  
All the aspects raised above bring concerns and motivations that can be summed up to 
the problem of this research, which is What is the relationship between the use of Instagram 
and its diverse resources with the effects on mental health in the context of the COVID-
19 pandemic? 
Given the relevance of this social problem, the main objective of this research is to 
understand the influence of Instagram on different generations in social interaction and, 
consequently, its relationship with the development of mental health effects, such as Social 
Anxiety, Self-Presentation, Loneliness, and Problematic Social Media Use. Specific objectives 





impact of various features for each mental health effect, identification of the behavior on 
Instagram by generation, and presenting a framework that relates behavioral and attitudinal 
variables to mental health effects. 
This research contributes to the development of a psychometric analysis with four 
adapted effects on mental health evidenced in the literature. The following scales were used: 
for Social Anxiety the Social Anxiety Scale for Social Media Users (SAS-SMU) (Alkis et al., 
2017), for Self-Presentation both the Positive Self-Presentation (PSP) and Honest Self-
Presentation (HSP) (Kim & Lee, 2011), for Loneliness the UCLA Loneliness scale (version 3) 
(Russell, 1996) and for Problematic Social Media Use the Social Media Use Questionnaire 






2 THEORETICAL FRAMEWORK 
This session is formed by the theories supporting the choices of variables for this study’s 
construct, as well as its definitions and relevant data for the proposed framework. At first, we 
will talk about the concepts that provided the foundation for the construction of the theoretical 
model, subdivided into (2.1) Social anxiety, (2.2) Self-Presentation, (2.3) Loneliness, (2.4) 
Problematic Social Media Use, and (2.5) Mental Health on Instagram. Lastly, the list of 
resources and features of Instagram that were considered relevant for this study. 
 
2.1 Social Anxiety 
Anxiety is a construct that reflects affective characteristics and involves cognitive, 
behavioral, and physiological aspects. It is a common disorder defined by worrying thoughts, 
feelings of apprehension, tension, nervousness, and even physical changes such as sweating, 
increased blood pressure, trembling, and dizziness. Social anxiety is a type of anxiety resulting 
from fear or anxiousness from interacting with or being negatively evaluated by others. It has 
been defined as the enduring experience of discomfort, hostile ideation, and incompetence 
performance in the anticipation and conduct of an interpersonal transaction and a state resulting 
from the prospect or presence of interpersonal evaluation in real or imagined social settings 
(Alkis et al., 2017). 
Socially anxious people need to reduce anxiety, thus motivating them to minimize their 
chances of making undesired impressions on others. Severe social anxiety leads to isolation and 
social withdrawal (Y.-K. Lee et al., 2014). However, it can also appear in subtle safety 
behaviors such as speaking quickly or over preparation. Inflated threat expectancies in social-
evaluative circumstances and their corresponding avoidance prevent individuals from realizing 
that they are overestimating the likelihood of negative feedback and underestimating their own 
social ability (B. W. Lee & Stapinski, 2012). 
Due to greater control over self-presentation, improved relationship quality, and 
decreased risk of negative evaluation (B. W. Lee & Stapinski, 2012), there is an overall 
perception that online communication provides safer means of interaction. Research does show 
that online interaction positively benefits anxious individuals, but also puts this group as likely 
to develop problematic or excessive Internet use behavior (Y.-K. Lee et al., 2014). In 
opposition, the pursuit of attention and self-validation via Instagram likes can be positive 
because it provides individuals with a tool to try on and gain feedback on new facets of their 





This study considers four dimensions of Social Anxiety relevant to social media use, as 
per research by Alkis et al. (2017): Shared Content Anxiety (SCA), Privacy Concern Anxiety 
(PCA), Interaction Anxiety (IA), and Self-Evaluation Anxiety (SEA). SCA derives from the 
sharing of content by individuals themselves or by others about them in social media platforms 
and how others will judge these. PCA includes certain potential privacy risks regarding personal 
information disclosed on SNS. Individuals with deep privacy concerns and who are socially 
anxious are more likely to avoid revealing and sharing personal information online. IA refers 
to the social anxiety derived from interacting and communicating with someone, especially 
those who newly met on social media platforms. Lastly, SEA considers the way a person 




Self-presentation refers to activities strategically designed to give certain impressions to 
other people. Concerned by how others perceive them, people manage their behavior to present 
favorable and appropriate images to others (Naegele & Goffman, 1956). It is an essential 
motivation of behavior in offline and online scenarios, and the latter provides individuals with 
greater control over their self-presentational behavior. Virtually all people need to and can 
present themselves in a certain way, varying in this need’s intensity (Kimmerle & Cress, 2008). 
Self-presentation theorists postulate that people are motivated to gain social approval in 
interpersonal encounters and engage in actions that might attract attention and engender 
recognition (Jackson, 2007). In addition, self-consciousness (public vs. private) plays a crucial 
role in regulating strategic self-presentation behaviors (Lee-Won et al., 2014). 
Social networking sites (SNSs) provide technological features that allow their users to 
present themselves to others. Individuals can construct an online representation of themselves, 
and while most sites encourage users to show accurate representations of who they are, 
participants do this to varying degrees (Boyd & Ellison, 2007). Since self-presentational styles 
can be altered online, users can be whoever they want (Morahan-Martin & Schumacher, 2003). 
Freed from usual constraints, users can self-present with a more idealized self-image, 
maximizing acceptance.  
As an SNS, Instagram enables users to communicate through their profiles, comments, 
and private messages, as well as showcase their personalities and lives with many other 





anonymous, allow people to engage in self-presentation selectively (Walther, 2007). In this 
way, self-presentation may take various forms and levels of authenticity or self-disclosure, 
depending on what aspects of the self are selected, highlighted, or edited.  
Authenticity involves concepts of truth, being genuine, and realness (Beverland & 
Farrelly, 2010). In line with self-determination theory, it involves the individual’s engagement 
in intrinsically motivated behaviors, such as those emanating from innate desires and passions. 
Market research recognizes this attribute’s importance, with consumers increasingly desiring 
authenticity from their products and brands. Authenticity improves message receptivity and 
relationship quality, and social networking site users prefer realistic identity presentation as 
opposed to overly idealistic (Labrecque et al., 2011).  
Wheeless defines self-disclosure as any message about the self that an individual 
communicates to another. It is a construct that varies along dimensions such as honesty, amount, 
conscious intent, and positive or negative valence (Gibbs et al., 2006). It is a crucial component 
in developing personal relationships, being a type of communication through which individuals 
make themselves known to others. Research suggests that the limited cues in CMC (computer-
mediated communication) likely result in over attribution and exaggerated or idealized 
perceptions of others (Walther, 2007). Therefore, the increased opportunities for self-
presentation and identity manipulation results in self-disclosure online being less honest (Gibbs 
et al., 2006). 
A known form of self-presentation is the protective self-presentation, which refers to 
the avoidance of social rejection. Those with social anxiety doubt their interpersonal 
competencies and capacities of creating favorable impressions, thus adopting a protective self-
presentation style. The goal of this is not winning approval but avoiding others’ disapproval. 
Research has examined this construct in conjunction with loneliness, which can occur when 
social anxiety or social interaction avoidance leads to having fewer social contacts than one 
desires (Jackson, 2007).  
This study follows literature and uses two relevant self-presentation strategies relevant 
to Instagram: positive versus honest. Positive self-presentation (PSP) is a form of self-
presentation in which individuals choose to showcase themselves in an exclusively positive 
manner. Heavy Facebook users have been found to perceive other people there as “happier and 
having better lives” (Lee-Won et al., 2014), and the same can be said about Instagram. On the 





choose to present themselves more honestly, without selectively putting their best face forward 
(Kim & Lee, 2011).  
 
2.3 Loneliness 
“Loneliness occurs when a person’s network of social relationships is smaller or less 
satisfying than the person desired,” otherwise stated as the involuntary state of social isolation 
or the feeling of being solitary (Cotten et al., 2013). It does not originate solely from objective 
contact levels but from the difference between the desire for social relationships and their actual 
availability. Although being lonely can be a transient state, it can also be considered a stable 
personality trait, i.e., a chronic state (Morahan-Martin & Schumacher, 2003).  
Lonely people have difficulty making friends, participating in groups, and initiating 
social activities. They are less likely to be intimate and self-disclose, have poor social skills and 
lower self-esteem, and are more likely to be socially inhibited and anxious, sensitive to 
rejection, and self-conscious (Morahan-Martin & Schumacher, 2003). Researches have 
established that loneliness is related to serious health risks in children, adolescents, and adults, 
suggesting it can increase the risk of death by as much as 26% (Pittman & Reich, 2016).   
Internet communication tends to facilitate self-disclosure and enhanced self-
presentation, providing a place for practicing and developing social skills, expressing 
unexplored parts of oneself, and working through psychological issues. These factors help 
explain why engaging in social behavior online reduces loneliness levels (Shaw & Gant, 2002). 
Lonely individuals may also use the Internet as an escape: to reduce stress, lessen negative 
feelings of loneliness and look for emotional support. However, when individuals use the 
Internet for non-communicative purposes or use it in excessive amounts detrimental to their 
social roles, it impacts little on their loneliness or even causes it to increase (Cotten et al., 2013). 
Empirical studies have produced mixed findings regarding a link between loneliness 
and social media use because of its capacity to either help or worsen the feeling. Individuals 
can utilize their online relationships and interactions in a way that makes them feel sufficiently 
connected or more socially isolated. In image-based platforms such as Instagram, the enhanced 
intimacy offered helps decrease loneliness compared to text-based platforms such as Twitter. 
Instagram users’ ability to like and comment contribute to the immediacy and intimacy required 
for simulated social presence, which leverages this SNS as an excellent option to help mitigate 





An association has been made between loneliness and increased or compulsive Internet 
use. Even though our society devotes more technology to stay connected than any other in 
history, loneliness is higher than in any previous generation (Pittman & Reich, 2016). Lonely 
individuals can be drawn online for the potential of companionship, different social interaction 
patterns, and to modulate negative moods originated from loneliness (Morahan-Martin & 
Schumacher, 2003). However, two opposing hypotheses could explain loneliness and Internet 
use’s relationship: either excessive Internet use causes loneliness, or lonely individuals are more 
likely to use it excessively. Relevant research shows how young adults with high social media 
use feel more socially isolated but warn about the need for future studies determining 
directionality and reasons for such associations (Primack et al., 2017). 
 
2.4 Problematic Social Media Use 
A now integral part of daily life activities, Internet use has reached such an extent that 
individuals started demonstrating behavioral and psychological patterns seen in other 
addictions such as drugs, gambling, or alcohol. Studies demonstrated that relying on SNS to 
address loneliness and stress or maintain and establish new relationships significantly predicted 
symptoms of dependence (Xanidis & Brignell, 2016).  
Inconsistency exists around the definition of problematic social media use (PSMU). 
However, Bányai et al. (2017) comprises PSMU as mood changes and preoccupation of using 
social media, including negative feelings and psychological symptoms when they are 
unavailable, and facing negative consequences in real life areas caused by excessive use. 
Diagnosis of internet-related disorders has not been established due to a lack of constancy in 
empirical studies and many synonym suggestions of diagnosis. The Diagnostic and Statistical 
Manual of Mental Disorders (DSM-5) currently recognizes only one internet-related disorder – 
the Internet Gaming Disorder –, included in Section 3 of the DSM-5.  
The most widely used definition is Davis’ (2001), in which the acts of using the Internet 
to regulate unpleasant moods, perceiving more interpersonal control online than offline, and 
becoming attached to the benefits provided by the Internet lead to excessive use, compulsion 
development, withdrawal signs, and negative social, occupational and/or psychological 
consequences in the user’s offline life. These factors are collectively thought to be symptomatic 
of PSMU. 
This form of Internet addiction has no offline equivalent but causes similar symptoms 





isolated and stressed, leading to increased anxiety and depression (Kırcaburun et al., 2019). 
PSMU can then be determined by addictions symptoms that include: salience (i.e., 
preoccupation with social media use), mood modification (i.e., excessive social media use 
causing specific changes in mood states), withdrawal symptoms (i.e., negative feelings such as 
irritability or anxiety when social media use is restricted), conflict (i.e., interpersonal problems 
resulted by social media usage), and relapse (i.e., returning to excessive use after a period of 
abstinence) (Bányai et al., 2017). 
There is a positive correlation between depressive symptoms and social media use and 
a negative one between self-esteem and high social media use (Bányai et al., 2017). Several 
psychological vulnerabilities are associated with PSMU, including depression, loneliness, 
substance addictions, aggression, and shyness. Since these factors move individuals to isolate 
themselves in their offline lives, they seek to fulfill interpersonal needs online (B. W. Lee & 
Stapinski, 2012). Subsequently, problematic social media use is a consequence of pre-existing 
psychopathology. 
  
2.5 Mental health on Instagram 
Mobile SNS provides its users with constant access to posts created by others and 
enables individuals also to assume the role of creator, sharing content with friends, 
acquaintances, and other online audiences. Like other SNS such as Facebook and Twitter, 
Instagram posts collect feedback as “likes” and comments (Fox & Vendemia, 2016). Despite 
requiring little investment of time or energy from the liker, these quick responses carry complex 
social meaning and serve as powerful self-assessment tools (Butkowski et al., 2019). Users 
receive direct reactions to their own social media posts and witness the ones received by others. 
In such interactions, likes and comments serve as quantified social acceptance measures and, 
when viewed as the most important, immerses users in searching for validation (Butkowski et 
al., 2019). Such intertwined users’ roles as both consumers and creators encourage social 
comparison and observational learning, influencing the content and its editing (Chae, 2017).  
Excessive or indiscriminate use of the Internet, including social networks, can 
negatively affect personal relationships, in communication with the external environment, and 
to unsatisfactory professional performance. It is suggested that time spent engaging with SNSs 
displaces other more critical activities beneficial to mental health, such as sleep and face-to-
face time with friends. Many studies report associations between increased time spent on SNSs 





shown that attitudes toward social media feedback received on selfies, an appearance-oriented 
self-representation, affect body image disturbance in young women (Butkowski et al., 2019) 
Nonetheless, social media’s popularity can also be a bright spot for mental health, with 
many positive aspects of virtual communication. Use of social media to strengthen pre-existing 
affective bonds is associated with decreased depression. Healthy use can also increase 
perceived social support and self-esteem, as well as decrease loneliness and depression (Shaw 
& Gant, 2002). Therefore, the benefits and detriments can be a matter of how social media is 
actually used. Table 1 presents the various features existing on Instagram, and Figure 2 exhibits 
the Conceptual Model that permeates this study. 
 
Table 1: Features of Instagram 
Features Description 
Photo and video 
visualization 
Allows the user to view photos and videos (limited to 60 seconds) from their network or 
even from other users as long as the content is posted in public mode, in addition to being 
able to search for several photos using keywords (also known as hashtags). 
Photo and video 
editing 
Allows the user to post their own content after editing it. In their posts, users can tag 
others, add location, write descriptions, use hashtags, and more. 
Comments and likes 
on posts 
Allows the user to leave comments on other users’ posts or even leave your impression 
regarding the post, through the reactions of likes. These are quantified and the numbers 
of comments and likes for each post can be seen by users.  
Private messages Communication via Instagram chat in which users can talk to each other via text 
messaging or audio, and share content privately. 
Stories Allows users to share photos, videos, texts, stickers, live broadcasts, location tagging, 
filters, and much more. Unlike posting directly on the feed, content shared via Stories 
disappear after 24 hours. 
Search / Explore 
Users can browse a feed of content from users that they do not currently follow but could 
be relevant to their tastes. Instagram gathers information from users to feed the algorithm 
that makes such features work. 
Watch and post 
Stories 
Unlike posting content directly to their feeds, Instagram users can post on Stories, where 
the content disappears after 24 hours. It also differs because creators can see a list of all 
users who watched something posted in their own Stories.  
Reels 
Allows users to create or watch 15-second videos with audio, effects, and other creative 
tools. It is a feature commonly compared to Tik Tok. 
IGTV Allows users to create or watch videos of a maximum of 60 minutes. 
Livestreaming Allows users to create or watch recorded or live video transmissions. 
Shop 
Allows brands to create a virtual storefront where users can explore and buy products 
without leaving Instagram. 
Fun filters (Stories) 
Refers to augmented reality (AR) filters more commonly used on Stories, adding 
computer-generated effects as layers over the real-life image displayed by the camera. 
Some examples are filters that give the person animal ears or turns the person into a 
famous character, filters that change the background, that imitate memes, etc. 
Cosmetic filters 
(Stories) 
Refers to AR filters more commonly used on Stories, adding computer-generated effects 
as layers over the real-life image displayed by the camera. These types of filters enhance 
the person’s appearance by beautifying them. Examples are makeup filters and filters 
that give the person fuller lips, lighter eye-color, change nose shapes, etc. 
Simple filters 
(Stories) 
Refers to filters that do not necessarily use AR, since they only modify the overall 
photography aspect. Examples are filters that change saturation, add light leaks, simulate 
old cameras, add borders or stickers, etc. 






Figure 2: Variables 








Regarding the empirical phase of this study we conducted the application of a survey, 
in which the data collection instrument was composed of descriptive questions and assertions. 
The Likert scale used end points anchored at 1 and 5 for all statements. Descriptive questions 
were used to collect the respondents’ characteristics, such as age, sex, and income. All scales 
were adapted for the context of this study. 
 
3.1 Scales used 
The Social Anxiety Scale for Social Media Users (SAS-SMU) is a four-factor 
structured construct created by Alkis, Kadirhan, and Sat (2017) to measure social anxiety in 
social media platforms specifically. Studies that used the SAS-SMU have shown that higher 
social media addiction levels are associated with higher levels of anxiety and burnout (Liu & 
Ma, 2020). Moreover, negative assumptions about the world significantly predict higher levels 
of interaction anxiety and self-evaluation anxiety (Pitcho-Prelorentzos et al., 2020). 
The Social Media Use Questionnaire (SMUQ) was developed to measure addiction 
behavior patterns and dependence, including levels of Withdrawal and Compulsion, of SNS 
(social network sites) use. Xanidis and Brignell (2016) indicated a correlation between 
increased dependence on SNS and decreased sleep quality, and increased everyday cognitive 
failures. It has since become an important tool to assess problematic and excessive use of social 
media.  
The UCLA Loneliness Scale (Version 3) was developed by psychologist Daniel 
Russell in 1996 to assess how often an individual feels disconnected from others. Studies have 
shown that people with higher loneliness scores have worse romantic and friendship 
relationships (Russell et al., 1984) and that having the right balance of sleep, work and time 
with family and friends is connected to being less lonely (Cigna, 2018). The scale has been used 
before on research about SNS use, showing a significant positive correlation between Facebook 
addiction and the extent of experience of loneliness (Shettar et al., 2017).   
The Positive Self-Presentation (PSP) and the Honest Self-Presentation (HSP) scales 
were developed by Kim and Lee (2011) to assess the extent to which Facebook users selectively 
show positive (PSP) or honest (HSP) aspects of themselves through Facebook. Independent 
contributions play an essential role in SNSs that offer self-presentation opportunities, so users 
can engage in various self-disclosure levels and have different self-presentation strategies. The 





and a possible enhancement of happiness rooted in social support by honest self-presentation. 
The scales have been used extensively on research about social media’s impacts on life 
satisfaction, perceived social support, depression, well-being, envy, and others. 
 
3.2 Data collection and sample procedures 
For the adaptation of the research instrument and the selected scales to the Brazilian 
context, we used a reverse translation process. Before applying the questionnaire, the 
instrument was sent to 4 judges for validation. After review for comprehension, clarity of the 
items, and relevance, a pre-test was performed with 27 individuals. After applying the test, 872 
questionnaires were obtained (see Appendix B) using SurveyLab’s platform. To prepare the 
database, outliers were identified and removed using the Mahalanobis Distance D² (Hair et al., 
2010). This step resulted in removing 115 questionnaires, leaving a total of 757 observations in 
the sample. We carried out data collection by online means and the criterion for selecting the 
research subject was concerning the use of Instagram, with non-users being discarded. 
Consequently, the sample can be classified as non-probabilistic for convenience and by 
judgment, for the exploratory function in opinion research about Instagram use (Malhotra, 
2014). 
 
3.3 Data analysis procedures 
Due to the characteristics of the study, descriptive analyzes and three multivariate 
phases were conducted: a) Exploratory Factor Analysis - to identify the components of each of 
the groups of the scales under study (Social Anxiety, Self-Presentation, Loneliness and 
Problematic Social Media Use); b) Multiple Regression - to identify the independent variables 
that, in this case, were the functionalities of Instagram in relation to the dependent variable 
(Social Anxiety, Self-Presentation, Loneliness and Problematic Social Media Use), measured 
by the average of the components of the scale; and c) Analysis of the difference in means 
between groups to identify the relationship between disorders that influence the dependent 
variables. These include approximate frequency of using Instagram, approximate length of time 
using Instagram, the importance given to the metrics (number of likes, comments, views, etc.), 





4 DATA ANALYSIS 
This section deals with the presentation and analysis of participants’ profile, analysis of 
difference in the group means (T-Test and ANOVA), exploratory factor analysis and regression. 
 
4.1 Profile of respondents 
This section presents the survey respondents’ profile to characterize the sample, 
comprised of 757 people, all Instagram users, considering valid responses. As described in 
Table 2, there are 520 females (68.7%) and 237 males (31.3%). If we observe the relationship 
between sex and age, millennials stand out in both sexes, composed of 30.8% (n=105) male 
and 69.2% (n=236) female respondents. Both groups reported a similar frequency of SNS and 
Instagram use, with 32.7% (n=170) females and 35% (n=83) males using SNSs for over 4 hours 
per day and with 28.1% (n=146) of females and 28.7% (n=68) males using Instagram for over 
2 hours per day. There was homogeneity between females and males regarding the motivation 
of Instagram use. 
 
Table 2: Demographic profile 
Sex Generation Income 
Female 520 (68.7%) Generation Z 199 (26.3%) Less than R$ 2,090.00 256 (33.8%) 
Gender 237 (31.3%) Millenials 341 (45%) R$ 2,090.01 to R$ 4,180.00 233 (30.8%) 
    Generation X 162 (21.4%) R$ 4,180.01 to R$ 10,450.00  196 (25.9%) 
    Boomers 55 (7.3%) R$ 10,450.01 to R$ 20,900.00 52 (6.9%) 
    R$ 20,900.01 or more 20 (2.6%) 
      
This study considers the chronological endpoints set by Pew Research Center, an 
American nonpartisan that conducts public opinion polling, media content analysis, 
demographic research,  and other empirical social science research. Using their data, Generation 
Z respondents are aged 7 to 22, millennials 23 to 38, generation X 39 to 54, and boomers 55 to 
73. By this division, the respondent distribution is 26.3% (n=199) generation Z, 45% (n=341) 
millennials, 21.4% (n=162) generation X and 7.3 (n=55) boomers. Income distribution showed 
that 64.6% (n=489) earn up to R$ 4,180.00 per month, with 59.2% (n=202) of millennials in 
the same range. Another 25.9% (n=196) of total respondents earn between R$ 4,180.01 and R$ 





Millennials and generation X showed a higher daily frequency of use (n=163/66.3%) 
than other generations, with over 2 hours usage. Boomers use it less frequently, with an average 
between half an hour and an hour per day (n=22/40%). Most respondents older than 23 years 
old have been users for 5 to 8 years (n=264/34.9%). While 53.3% (n=106) of generation Z, 
63.9% (n=218) of millennials and 57.4% (n=93) of generation X consider Instagram to be their 
main social media network, only 40% (n=22) of boomers agree. 
Due to the timing and context of this study and for comparison purposes, participants 
were asked to classify their frequency of use in a 1-5 Likert scale during three distinct periods: 
before the pandemic, during early pandemic (e.g., first few months, when there was still a 
“feeling of newness”) and now (after almost a year of its start). Results showed that all 
generations increased their frequencies of use (figure 3).  While Generation X 
(𝑥 ̅before=2.77; 𝑥 ̅early=3.40; 𝑥 ̅now=3.96) and Boomers (𝑥 ̅before=2.75; 𝑥 ̅early=3.13; 𝑥 ̅now =3.98) had 
a more exponential increase of use as the periods progressed, Generation Z (𝑥 ̅befor =2.55; 𝑥 ̅early 
=3.40; 𝑥 ̅now=3.55) and Millenials (𝑥 ̅before=2.94; 𝑥 ̅early =3.60; 𝑥 ̅now=3.76) stabilized theirs 
during the last two periods. Such behavior can be explained by the fact that early generations 
already had intensive use before the pandemic, while the two oldest got into SNSs more 
suddenly to stay connected during the social isolation period. 
 
 
Figure 3: Comparison of frequency of use during three pandemic periods 
 
Participants were also asked about other SNSs used concurrently with Instagram (figure 
4), with results including Facebook (37.3%), Twitter (16.7%), LinkedIn (16.2%), Pinterest 
(15%), Tik Tok (10.9%), Snapchat (3.2%), none (0.7%) and an open question for other options. 





before pandemic early pandemic now pandemic





services or tools include WhatsApp, Reddit, Telegram, Messenger, Tumblr, Letterbxd, and 
others.  
Facebook use is more prevalent amongst generation X (n=143/88.3%) and boomers 
(n=52/94.5%); Twitter (n=135/39.6%) and LinkedIn (n=137/40.2%) amongst millennials, and 
Tik Tok (n=51/25.6%) and Pinterest (n=86/43.2%) amongst generation Z. Youtube use was 
also high in all generations but excluded from the analysis since the platform does not require 




      Figure 4: Concurrent use of other social media with Instagram 
 
4.2 Exploratory Factor Analysis (EFA) 
 In this phase, the variables that comprise the scales selected for this study were 
confirmed. Each of the scales underwent an EFA with its respective variables. The interest was 
primarily centered on the common factors, which are interpreted in relation to the observed 
variables (Hair et al., 2010). 
The first analysis of the scales – Shared Content Anxiety, Privacy Concern Anxiety, 
Interaction Anxiety, Self-Evaluation Anxiety, Positive Self-Presentation, Honest Self-
Presentation, Individual Loneliness, Group Loneliness, Withdrawal, and Compulsion – 
occurred through their respective commonality matrices. For this analysis, we used the Kaiser-
Meyer-Olkin (KMO) criterion and the Bartlett Sphericity Test. The KMO test assesses whether 
there are enough significant correlations between the items to justify the factorial analysis, 
constituting a global measure that indicates the strength of the relationship between items 





















removing the linear effect from all other items. The sample adequacy measure (KMO) must be 
greater than 0.70, being considered inadequate for the sample whose KMO results in a number 
less than 0.60. Bartlett’s sphericity test checks the null hypothesis that the correlation matrix is 
an identity matrix, that is, that there exists no relationship between the observed variables. The 
higher the Bartlett test values, the greater the probability that the correlation matrix is not an 
identity matrix, leading to the rejection of the null hypothesis (Levin et al., 2013). 
KMO values were verified, presenting a satisfactory result for all scales. In Bartlett’s 
sphericity test, the result was significant for all scales, with p<.001. After these procedures, the 
cross-factor loading was observed, and some variables were excluded in the Positive Self-
Presentation (PSP4), Honest Self-Presentation (HSP1), Loneliness (LON1 and LON8), and 
Social Media Use (SMUQ3 and SMUQ5) scales (see Appendix A). 
Communality is the proportion of the variance of an observed variable that is explained 
by the extracted factors. Their estimates range from 0 to 1. A high value indicates that the 
factors extracted explain a high proportion of the variance of a given variable observed. Zero 
communality implies that no portion of the variance is explained by the extracted factors (Levin 
et al., 2013). 
Subsequently, unidimensionality (score>.50 in the factor) and low cross-load (score<.40 
in the other factors) (Levin et al., 2013) were observed. All variables had adjustments due to 
commonality (h2<.5) and weak coefficients (<.4). In the end, the loads were adjusted to one 
factor, for each of the observed scales, with adequate values for explaining the total sample 
variance, as well as the reliability, confirmed with Cronbach’s Alpha (table 3). 
 
Table 3: Results obtained in the Exploratory Factor Analysis (EFA) 








Explanation of the 
total sample variance 
α 
Social Anxiety 
SCA 7 .933 p<.001 72.21% .935 
PCA 5 .796 p<.001 63.51% .855 
IA 6 .890 p<.001 73.98% .929 
SEA 3 .745 p<.001 83.61% .902 
Presentation 
PSP 5 .781 p<.001 61.26% .840 
HSP 3 .730 p<.001 76.40% .845 
Loneliness 
Indiv. LON 4 .749 p<.001 66.16% .826 
Group LON 8 .925 p<.001 67.69% .931 
Problematic Social 
Media Use 
Withdrawal 3 .730 p<.001 76.85% .848 






EFA resulted in the extraction of only one component for each of the psychological 
factors, which received the same names of origin, to facilitate the other analyzes of this research 
(Social Anxiety, Self-Presentation, Loneliness and Problematic Social Media Use). 
Measurement variables for the following analysis were constructed based on the respective 
averages of each component: Shared Content Anxiety (?̅? = SCA1, SCA2, SCA3, SCA4, SCA5, 
SCA6, SCA7), Privacy Concern Anxiety (?̅? = PCA1, PCA2, PCA3, PCA4, PCA5), Interaction 
Anxiety (?̅? = IA1, IA2, IA3, IA4, IA5, IA6), Self-Evaluation Anxiety (?̅? = SEA1, SEA2, 
SEA3),  Positive Self-Presentation (?̅? = PSP1, PSP2, PSP3, PSP5, PSP6), Honest Self-
Presentation (?̅? = HSP2, HSP3, HSP4), Group Loneliness (?̅? = LON5, LON6, LON9, LON10), 
Individual Loneliness (?̅? = LON2, LON3, LON4, LON7, LON11, LON12, LON13, LON14),  
Withdrawal (?̅? = SMUQ1, SMUQ2, SMUQ6) and Compulsion (?̅? = SMUQ4, SMUQ7, 
SMUQ8, SMUQ9). 
 
4.3 Multiple regression 
In this phase of the analysis, the dependent variable was characterized by the aggregate 
score of the items of the scales of measurement of effects on mental health (Shared Content 
Anxiety, Privacy Concern Anxiety, Interaction Anxiety, Self-Evaluation Anxiety, Positive Self-
Presentation, Honest Self-Presentation, Individual Loneliness, Group Loneliness, Withdrawal, 
and Compulsion), obtained in the phase of the EFA. The independent variables encompassed 
the attributes related to the 20 explanatory variables that indicate the main features of Instagram. 
The explanatory variables are observed in the scientific literature that focuses on psychological 
disorders; therefore, these independent variables were analyzed as a group, receiving the name 
of functionalities. For data analysis, the author utilized statistical software IBM SPSS Statistics 
v. 25. 
The regression is closely related to the correlation since the interest is still in the strength 
of association between two variables. In regression, however, there is still concern about 
specifying the nature of this relationship. One variable is established as dependent, and the 
other, independent. That is, one variable is believed to influence the other. In regression 
analysis, a mathematical equation is used to predict the value of the dependent variable 
(indicated by Y) based on the independent variable (indicated by X): 
𝑌 = 𝑎 + 𝑏𝑋 + 𝑒 
The term 𝑎, called Y intercept or constant, refers to the expected level of Y when X = 0. 





level of X. The term 𝑏 is called the slope (slope or regression coefficient) for X. This represents 
the value of the variation of Y (increase or decrease) for each variation of an X unit (Levin et 
al., 2013).  
The multicollinearity test was previously performed, which refers to the existence of more 
than one exact linear relationship, which means the existence of a “perfect” linear relationship 
between some (or all) explanatory variables of a regression model. Hair et al. (2010) considers 
that VIFs (variance inflation factor) below 5 can be considered. The analysis of this indicator 
resulted in VIFs below the critical limit established in the literature. Table 4 displays the 
regression indicators of the analyzed data and table 5 its results.  
 




K-S p value VIF 
feat1 6.02 1.37 .39 <.001 1.436 
feat2 3.75 1.96 .141 <.001 2.842 
feat3 2.61 1.99 .252 <.001 2.743 
feat4 3.32 1.83 .152 <.001 1.820 
feat5 5.17 1.81 .179 <.001 1.511 
feat6 2.54 1.88 .265 <.001 1.814 
feat7 4.51 1.87 .136 <.001 1.330 
feat8 5.49 1.74 .235 <.001 1.650 
feat9 3.96 2.07 .12 <.001 2.127 
feat10 3.48 2.06 .16 <.001 1.718 
feat11 1.63 1.40 .438 <.001 2.583 
feat12 2.93 1.87 .188 <.001 1.859 
feat13 1.53 1.26 .453 <.001 2.477 
feat14 4.27 1.93 .128 <.001 1.403 
feat15 2.20 1.69 .319 <.001 1.756 
feat16 1.27 .91 .53 <.001 2.074 
feat17 1.99 1.55 .359 <.001 1.514 
feat18 3.23 2.11 .18 <.001 1.935 
feat19 2.88 2.12 .243 <.001 2.083 
feat20 3.36 2.23 0.189 <.001 2.024 
 
The explanatory variables are presented, as well as their respective descriptions, expected 
relationships, and outputs of multiple regressions by groupings for effects on mental health 
(SCA, PCA, IA, SEA, Positive Self-Presentation, Honest Self-Presentation, Individual 






   R² = .149 R² = .075 R² = .133 R² = .156 
   R² adjusted = .126 R² adjusted = .050 R² adjusted = .110 R² adjusted = .133 
 
 
Table 5:  Linear regression results for Social Anxiety  
  SCA PCA IA SEA  
 Variable Short Feature Description B Beta Sig. B Beta Sig. B Beta Sig. B Beta Sig. Incidence 
Contant   1.537   .000 2.512   .000 2.227   .000 1.897   .000  
feat1 Watch photos and videos .016 .020 .625 .032 .039 .354 .056 .067 .102 .060 .064 .115 0 
feat2 Edit and post own photos .059 .103 .072 .022 .039 .516 .017 .030 .607 .043 .066 .250 0 
feat3 Edit and post own videos -.082 -.145 .010 -.041 -.074 .206 -.064 -.111 .051 -.071 -.110 .050 2 
feat4 Comment -.012 -.019 .676 -.015 -.025 .596 -.080 -.129 .006 -.066 -.093 .041 2 
feat5 Likes .015 .024 .565 .043 .070 .107 .025 .040 .340 .038 .053 .201 0 
feat6 Hashtags -.056 -.093 .042 -.054 -.092 .055 -.040 -.066 .155 -.078 -.114 .012 2 
feat7 Search / Explore -.001 -.001 .978 .029 .050 .226 .004 .007 .855 -.010 -.015 .708 0 
feat8 Watch Stories .110 .169 .000 .045 .071 .118 .065 .099 .026 .113 .154 .000 3 
feat9 Post Stories -.070 -.129 .010 -.069 -.130 .012 -.082 -.148 .003 -.066 -.106 .033 4 
feat10 Watch Reels .018 .032 .468 .010 .019 .690 .025 .045 .312 .046 .074 .097 0 
feat11 Edit and post Reels .037 .046 .404 -.028 -.035 .536 -.083 -.102 .064 -.021 -.023 .675 0 
feat12 Watch IGTV -.005 -.008 .857 -.007 -.012 .807 -.006 -.010 .830 -.033 -.048 .299 0 
feat13 Edit and post on IGTV -.070 -.079 .142 -.024 -.028 .616 .005 .006 .914 -.047 -.046 .385 0 
feat14 Private messaging -.003 -.005 .910 -.001 -.002 .969 -.033 -.056 .171 -.006 -.009 .825 0 
feat15 Watch Livestreaming -.016 -.024 .591 .018 .027 .567 .036 .053 .243 -.003 -.004 .920 0 
feat16 Livestream -.021 -.017 .727 .002 .002 .971 -.017 -.013 .788 -.068 -.048 .328 0 
feat17 Shop .069 .095 .023 .023 .032 .460 .074 .101 .017 .102 .123 .003 3 
feat18 Fun filters (Stories) .045 .083 .078 .062 .120 .015 .014 .026 .590 .073 .120 .011 2 
feat19 Cosmetic filters (Stories) .101 .190 .000 .042 .081 .116 .068 .127 .011 .064 .106 .030 3 





4.3.1 Linear regression results for Social Anxiety 
 
For SCA, the Kolmogorov-Smirnov (KS) test resulted in a value of p<.001, indicating 
a non-normal distribution, which for Hair et al. (2010) is common for studies in applied social 
sciences. The ANOVA test, with an F(20,736) = 6.461 and a significance of p <.001, means that 
the model studied in all variables is quite significant. The equation of the regression line of 
these data is: 
𝑆𝐶𝐴 = 1.537 + .010𝑓𝑒𝑎𝑡3 + .042𝑓𝑒𝑎𝑡6 + .000𝑓𝑒𝑎𝑡8 + .010𝑓𝑒𝑎𝑡9 + .023𝑓𝑒𝑎𝑡17
+ .000𝑓𝑒𝑎𝑡19 
 
For PCA, KS resulted in a value of p<.001, also indicating a non-normal distribution. 
The ANOVA test, with an F(20,736) = 2.986; p<.001, means that the model studied in all variables 
is quite significant. The equation of the regression line of these data is: 
𝑃𝐶𝐴 =  2.512 +  .012𝑓𝑒𝑎𝑡9 +  .015𝑓𝑒𝑎𝑡18 
 
For IA, the KS resulted in p<.001, indicating a non-normal distribution. The ANOVA 
test, with an F(20,736) statistic = 5.659; p<.001, means that the model studied in all variables is 
quite significant. The equation of the regression line of these data is: 
𝐼𝐴 =  2.227 +  .006𝑓𝑒𝑎𝑡4 + .0026𝑓𝑒𝑎𝑡8 +  .003𝑓𝑒𝑎𝑡9 +  .017𝑓𝑒𝑎𝑡17 +
 .011𝑓𝑒𝑎𝑡19 +  .037𝑓𝑒𝑎𝑡20  
 
Lastly, for SEA, KS also resulted in p<.001. The ANOVA test, with an F(20,736) = 6.785; 
p<.001, means that the model studied in all variables is quite significant. The equation of the 
regression line of these data is: 
𝑆𝐸𝐴 = 1.897 +  .050𝑓𝑒𝑎𝑡3 + .041𝑓𝑒𝑎𝑡4 + .012𝑓𝑒𝑎𝑡6 + .000𝑓𝑒𝑎𝑡8 + .033𝑓𝑒𝑎𝑡9






    
Figure 5: Post photo/video 
in Stories  
Figure 6: Watch others’ 
Stories 
Figure 7: Navigate in the 
Shop section 
Figure 8: Cosmetic filters 
 
In this study, it was observed that Social Anxiety occurs when individuals have 
excessive threat expectancies in social-evaluative situations, which motivates social evasion or 
the creation of a self-presentation strategy that minimizes negative impressions. These 
behaviors can be observed in the use of Instagram features with elevated incidence amongst the 
four types of Social Anxiety considered in this investigation. 
The highest incidence was posting photos or videos in the Stories section (figure 5), a 
feature that, similarly with the use of cosmetic filters (figure 8), involves interaction and the 
possibility of negative evaluation, which can lead to increased Social Anxiety. Other more 
passive uses, such as watching others’ Stories (figure 6) can be linked to social comparison 
factors, connecting with the desire to have the same experience to fit in socially. Since 
individuals are motivated to make a good impression on other people, they are constantly 
comparing and competing with other individuals in the search for social approval (High & 
Caplan, 2009). With the social distancing experience, watching others’ activities can cause 
stress and feelings of missing out on being with friends, shopping, and many others. 
This study considered three types of filters commonly used on Instagram Stories, as 
explained in Table 1. Though there is plenty of software designed specifically for image editing 
and enhancement, Instagram has made such transformation a more straightforward process by 
allowing users to apply  augmented reality (AR) filters that modify their appearance. Cosmetic 
filters are almost exclusively used on photos with faces. Selfies (i.e., self-portraits taken by the 
user) are the most popular type of picture on Instagram and 38% more likely to receive “likes” 





The high incidence of use of cosmetic filters in the analysis of Social Anxiety is linked 
to the fact that making a photo more appealing might increase the likelihood of receiving 
validation and attention from others. Such like-seeking behavior has similar motivations as 
trying to minimize negative evaluation from others, a core factor of Social Anxiety. Thus, the 
use of cosmetic filters will naturally be higher amongst those who are more socially anxious. 
Likewise, browsing others’ enhanced photos on Instagram may trigger assumptions that these 
images indicate how the people in them actually live or look like (Lup et al., 2015), which can 
trigger feelings of social comparison and negative self-evaluation, leading to Social Anxiety. 
 
4.3.2 Linear regression results for Self-Presentation 
For PSP, the Kolmogorov-Smirnov (KS) test resulted in a value of p<.001, indicating a 
non-normal distribution. With an F(20,736) = 3.133 and a significance of p <.001, the ANOVA 
test means that the model studied in all variables is quite significant. The equation of the 
regression line of these data is: 
𝑃𝑆𝑃 = 2.120 + .002𝑓𝑒𝑎𝑡2 + .021𝑓𝑒𝑎𝑡6 + .015𝑓𝑒𝑎𝑡8 + .034𝑓𝑒𝑎𝑡9 + .021𝑓𝑒𝑎𝑡19 
For HSP, KS resulted in p<.001, also indicating a non-normal distribution. The ANOVA 
test, with an F(20,736) = 3.357; p<.001, means that the model studied in all variables is quite 
significant. The equation of the regression line of these data is: 






  Figure 9: Example of cosmetic 
filter than can be used on Stories 
 Figure 10: Example of cosmetic 







Self-presentation strategies vary in the use of Instagram. Many argue that the platform’s 
image-driven nature encourages more Positive Self-Presentation since users polish their lives’ 
characterizations. Cosmetic filters (see figures 9 and 10) do just that, beautifying one’s image 
so they can present a better-illustrated version of themselves. Consequently, posting on 
Instagram Stories and using this type of filter presented high incidence in this scale’s analysis. 
It is particularly worrying since exposure to SNSs that emphasize appearance is linked to 
increased body image disturbance (Lup et al., 2015), and cosmetic filters can aggravate it. 
 
4.3.3 Linear regression results for Loneliness 
For Group Loneliness, the KS resulted in a value of p <.001, also indicating a non-
normal distribution. The ANOVA test, with an F(20,736) statistic = 6.425; p<.001, means that the 
model studied in all variables is quite significant. The equation of the regression line of these 
data is: 
𝐺𝑟𝑜𝑢𝑝 𝐿𝑜𝑛𝑒𝑙𝑖𝑛𝑒𝑠𝑠 =  2.347 +  .001𝑓𝑒𝑎𝑡4 + .000𝑓𝑒𝑎𝑡9 + .019𝑓𝑒𝑎𝑡14 +
.042𝑓𝑒𝑎𝑡19 + .004𝑓𝑒𝑎𝑡20  
As for Individual Loneliness, KS resulted in a value of p <.001, also indicating a non-
normal distribution. The ANOVA test, with an F(20,736) = 5.102; p<.001, means that the model 
studied in all variables is quite significant. The equation of the regression line of these data is: 







  Figure 11: Example of a post’s 
comment section 
 Figure 12: Example of “simple” 





Features that presented high incidence on the Loneliness scale for this study include 
commenting (figure 11), posting Stories, cosmetic filters, and simple filters (figure 12). This 
can be due to the fact that individuals with higher loneliness scores tend to create and consume 
more Instagram content. Furthermore, some lonely individuals might also engage in like-
seeking behaviors to feel more connected to others and increase their visibility/popularity 
among peers (Dumas et al., 2017). 
 
4.3.4 Linear regression results for PSMU 
For Withdrawal, the Kolmogorov-Smirnov (KS) test resulted in a value of p<.001, 
indicating a non-normal distribution. The ANOVA test, with an F(20,736)=8.006 and a 
significance of p <.001, means that the model studied in all variables is quite significant. The 
equation of the regression line of these data is: 
𝑊𝑖𝑡ℎ𝑑𝑟𝑎𝑤𝑎𝑙 = .368 + .044𝑓𝑒𝑎𝑡6 + .008𝑓𝑒𝑎𝑡8 + .000𝑓𝑒𝑎𝑡16 + .048𝑓𝑒𝑎𝑡17 
For Compulsion, KS resulted in a value of p <.001, also indicating a non-normal 
distribution. The ANOVA test, with an F(20,736) = 10.941; p<.001, means that the model studied 
in all variables is quite significant. The equation of the regression line of these data is: 
𝐶𝑜𝑚𝑝𝑢𝑙𝑠𝑖𝑜𝑛 = .441 + .006𝑓𝑒𝑎𝑡1 + .006𝑓𝑒𝑎𝑡3 + .012𝑓𝑒𝑎𝑡8 + .000𝑓𝑒𝑎𝑡10 + .040𝑓𝑒𝑎𝑡14
+ .000𝑓𝑒𝑎𝑡17 
Watching Stories and browsing the Shop section on Instagram showed high incidence 
when analyzed together with Problematic Social Media Use, both for Compulsion and 
Withdrawal. These types of activities can be characterized as a more passive use of the platform. 
While active use involves chatting, sharing content, or giving likes, passive use refers to 
browsing, scrolling, reposting, or looking at content posted by others. The latter seems to be 
particularly detrimental, triggering resentment, envy, and loneliness (Lup et al., 2015). 
 
4.4. Mean analysis – Mental health effects by generation 
All mental health effects variables showed a difference between the generations, except 
for PSP and Withdrawal, which indicates that all generations have similar levels of Positive 
Self-Presentation (?̅?=2.99) and Withdrawal (?̅?=1.65). 
Generation Z and Millennials scored significantly higher on the SCA (?̅?=2.67), PCA 
(?̅?=3.28), IA (?̅?=2.98), SEA (?̅?=3.20), Individual Loneliness (?̅?=2.92), and Compulsion 
(?̅?=2.75) scales. The youngest generation presented the lowest Honest Self-Presentation 





(?̅?=3.02) and Boomers on Group Loneliness (?̅?=3.76). Millennials are more inclined towards 
Positive Self-Presentation (?̅?=3.13) than other groups. Boomers showed the lowest levels of 
Compulsion (?̅?=1.81). Such results shed important light on how different mental health effects 
affect each generation differently and to different levels. 
 
 
Figure 13: Mean distribution for high and low mental health effects by generation 
 
 
4.5 Mean analysis - Shop feature 
For the highest possible significance for both Social Anxiety (incidence=4) and PSMU 
(incidence=2) scales present in the regressions section before, we will discuss the shop feature 
further. 
Instagram introduced the Shop feature in May of 2020, amidst the COVID-19 crisis, as 
a way for businesses to keep going and to provide users with a native shopping experience 
inside the platform. It allows users to visit shops and browse products, explore collections, and 
purchase products. In November 2020, following the feature’s success, Instagram moved the 
section’s icon to its home screen for easier access and more exposure. Furthermore, the feature 
now allows personalized recommendations, editor’s picks curated by Instagram’s own shop 
channel, shoppable videos, new product collections, and more. 
Brand content is transmitted in SNSs faster and to a much larger audience than 
traditional media. As such, digital marketers are increasingly incorporating social media as an 
indispensable part of their online brand strategy. It is estimated that over 96% of businesses use 
SNSs to market their brand and products, and Instagram users have the highest brand 

















Table 6: Items about consumer behavior on Instagram 








Do you use Instagram to research products 
you want to buy? 
.61 .49 .399 <.001 1.362 
shop2 
Do you usually buy products after seeing 
them on Instagram?  
.49 .50 .345 <.001 1.633 
shop3 
Do you follow your favorite brands and 
stores on Instagram?  
.70 .46 .446 <.001 1.118 
shop4 
Have you bought something after seeing an 
Instagram ad? 
.65 .48 .420 <.001 1.395 
shop5 
Have you bought something after seeing an 
ad created by an “influencer”?   
.31 .46 .440 <.001 1.212 
shop6 Do Instagram ads bother you?   .51 .50 .347 <.001 1.024 
 
The items about consumption behavior (table 6) were measured in binary responses by 
assigning a dummy variable for data manipulation, in which yes=1 and no=0. 
On using Instagram to research products they want to buy, 61.3% of respondents 
answered positively. The Independent T-Test showed (figure 14) that those with high SCA 
(t(755)=4.182 p<.001), SEA (t(755)=3.094; p=.002), Withdrawal (t(755)=5.546; p<.001) and 
Compulsion (t(755)=6.237; p<.001) are more prone to using Instagram for this purpose, 
superiorly to their low counterparts. Those with low and high PCA and IA presented no 
statistical difference in this analysis.  
Several functionalities of the Shop feature can explain this connection. Those with high 
SCA and SEA might prefer to shop online to diminish interaction with others but also be 
affected by the possibility of being negatively evaluated by their purchasing decisions. While 
high Problematic Social Media Use, be it Compulsion of Withdrawal, indicate a predisposition 







     Figure 14: Analysis of “shop1” for low and high effects on mental health 
 
About half of respondents (50.72%) claimed they do not usually buy products after 
seeing them on Instagram. When analyzing the average (figure 15), it was discovered that the 
groups of high SCA (t(755)=4.507; p<.001), SEA (t(755) =3,930; p=.002), Withdrawal (t(755)= 
6,098; p <.001) and Compulsion (t(755)=7,160; p <.001) usually buy more after seeing the 
product on Instagram, superiorly to their low counterparts. Both low and high PCA and AI 
groups did not show a relevant difference in means. 
Highly socially anxious individuals might engage in shopping behavior to increase 
social approval by showing off new products acquired or stating financial status; or to decrease 
the possibility of an adverse judgment for not having a particular product. PSMU also plays a 
role in making individuals with high dependence levels more prone to using the feature to 
browse or shop. 
 
     Figure 15: Analysis of “shop2” for low and high effects on mental health 
 
Most respondents, 70.4%, reported following their favorite brands on Instagram. The 
intergroup analysis (figure 16) of Withdrawal (t(755)=3.946; p<.001) and Compulsion 
(t(755)=2.668; p=.008) presented significant differences for this activity, meaning that 
individuals with high levels of Withdrawal and Compulsion are the most avid followers of their 
favorite brands and stores. High PSMU also indicates higher use of overall features, which 
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would probably not be different for this question. Such information provides valuable insight 
to companies developing and maintaining a social media strategy. 
 
     Figure 16: Analysis of “shop3” for low and high effects on mental health 
 
Most respondents (65.25%) also replied yes to having bought a product after seeing it 
advertised on Instagram. The independent T-test showed (figure 17) that respondents from the 
high SCA groups (t(755)=2,326; p=.020), Withdrawal (t(755)=3,292; p<.001) and Compulsion 
(t(755)=4,524; p<.001) have a greater tendency to buy something after seeing an ad on the 
platform. Both low and high PCA and AI groups did not show a significant difference in means. 
A predisposition or impulsivity to shop can be linked to feelings of wanting to belong and not 
being negatively perceived by peers, common for socially anxious individuals.  
 
 
     Figure 17: Analysis of “shop4” for low and high effects on mental health 
 
A majority of respondents (69.22%) say they have never bought a product after seeing 
an ad done by an “influencer”. Social media influencers (SMIs) represent a new type of third-
party endorser who shapes others’ opinions through social media. Brands are increasingly 
approaching SMIs to promote products and complement traditional branding communication 
(Audrezet et al., 2020).  









































































All analyzed scales showed differences between the means (figure 18), except for PCA 
(t(755)=1.521; p=.129). For both high and low PCA groups, privacy and data sharing issues do 
not influence purchasing behavior after advertising done by SMIs. Since the one under exposure 
is the influencer in this type of content, the user watching the advertisement is not particularly 
affected by others’ judgment no matter how high or low his Social Anxiety might be. 
 
     Figure 18: Analysis of “shop5” for low and high effects on mental health 
 
The last question on this theme showed mixed opinions, with 51.12% of users reporting 
being bothered by Instagram ads. This analysis comes in opposition to the one before, given 
that only PCA (t(755)=2.791 p=.005) showed a distinction between groups on the independent 
T-test (figure 19). Users are more than concerned with how social media handles their data, 
developing or increasing levels of Privacy Concern Anxiety as Instagram frequently updates its 
algorithm to make the platform more profitable for advertisers. Since its acquisition by 
Facebook, the company has gathered a considerable amount of information on individuals to 
make ads more appealing. There are still few studies on how beneficial or detrimental these 
interactions can be in the era of big data. It is still undefined if it will usher in a new wave of 
privacy incursions and invasive marketing. For now, this study can already attest to the 
correlation between PCA and the unlikeness of ads on Instagram. 
 
 












































































In this section, the conclusions and final considerations will be presented, dealing with 
the practical and theoretical implications, suggestions for future research and the limitations 
encountered. 
 
5.1 Research Implications 
This work aimed to identify the influence of Instagram on different generations in social 
interaction and, consequently, its relationship with the development of mental health effects, 
such as Social Anxiety, Self-Presentation, Loneliness, and Problematic Social Media Use). It 
was possible to identify the components of each of the scales under study, analyze the 
relationship of Instagram functionalities in relation to each effect on mental health, and identify 
the relationship between factors described in the literature that influence them. The objective 
was successfully achieved since significant variables were discovered, and relevant information 
on Instagram use during the COVID-19 pandemic was presented, thus validating the research 
framework and possible replication it in future studies. 
One of the contributions of this study is bringing psychometric scales developed in other 
areas of study (i.e., Psychology) to bring a level of greater complexity in the interpretative 
process. Instagram can be understood through various functionality representations due to 
having an interface representing abstract values related to interactions and points of interest that 
need some interpretation element. This interpretation’s importance is in the search for 
understanding the purpose of these functions in terms of communication with and about the 
social world (Schwartz & Mahnke, 2018). 
There are certain peculiarities in the case of individuals who manifest mental health 
effects resulting from Instagram. Individuals with social anxiety, increased loneliness, and 
problematic social media use can get worse, since these issues affect their daily lives and 
relationships because of the high frequency of use and extended periods using Instagram. 
Furthermore, the comparisons they make between their lives and those of other users, and the 
consequent dependence on the social network, can aggravate the situation. In individuals with 
social anxiety, Instagram can be a kind of refuge, a safe and comfortable place, far from the 
judgments and insecurities generated by physical human contact. For lonely individuals, it can 
provide a place to interact socially and feel closer to others. 
In this study, it was found that women use Instagram as much as men, with similar 





a day. A 28.3% of total respondents have been users for more than 8 years, which demonstrates 
the platform’s permanence in users’ lives.  
 
5.2 Practical Implications 
Firstly, this study benefits users of social media, particularly Instagram. Reflecting on 
how we use the tools and the time available to us, and how it affects our mental health and 
overall well-being is crucial. Since one’s social and psychological circumstances influence 
media use and effects, being aware of its circumstances provides knowledge to make better 
decisions and adapt use for a healthier outcome. 
Key findings in this study can also benefit Facebook, owner of the Instagram platform, 
who can better understand its users and further optimize its services and features to diminish 
adverse mental health effects. By knowing the motivation and the extent of users’ experience, 
Instagram can become a more helpful and cheerful social media. 
Other brands and companies with online strategies can take advantage of demographic 
and usage information provided in this study, as well as learn from consumer behavior exposed 
by the analysis of the many shopping activities available on Instagram. They can engage with 
their customers who are social media users to provide support, valuable content, and a better 
online environment for all. 
 Finally, this study serves academic purposes and can significantly benefit future 
endeavors, considering the rarity of individual-focused research in Business studies. It is up to 
the other institutions to use works such as these to achieve the objectives and show that the 
academy can actively contribute to market and individual issues. 
 
5.3 Limitations and recommendations for future studies  
Based on the previous considerations, the importance of conducting research to assess 
how Instagram use affects different aspects of mental health. It is worth mentioning that due to 
the global pandemic conditions (COVID-19) during the research (December/2020 to 
February/2021), the sample collected was obtained via social networks and communication 
applications (i.e., Whatsapp, Telegram, Facebook and Instagram), which may, a priori, create a 
bias in collecting respondents who are more familiar with technology. 
Despite achieving a representative sample for this study, with a total of 872 respondents, 





research on this theme should create strategies for higher response rates and respondent 
retention.  
It is also understood that the transversal character of the collection method used limits 
the research, since this approach is based on the analysis of a single moment. Thus, we suggest 
that future longitudinal tests could advance new discoveries in the field. 
Despite efforts for a broad sample, it was a surprise that in this particular study women 
were over-represented (68.7%). This can be due to a higher number of female Instagram users 
or by a higher willingness of females to participate in such studies. This hypothesis can be tested 
in future research. 
Also, due to the restricted sample and mostly obtained for convenience and by judgment, 
the external validity (Malhotra, 2014), which is the extent to which the results of a study can be 
generalized, is compromised. Future research could seek to obtain a more representative 
sample, thus generating results with greater possibility of generalization, so that it is possible 










Specification Description Total spent 
SurveyLab  3-month subscription of survey tool 60.90 USD – 330.55 BRL 
Instagram ads Instagram ads to advertise the questionnaire 78.49 USD – 426 BRL  
Grammarly 1-year subscription to writing/grammar app 85.00 USD – 461.32 BRL 
   
 
6.1 OTHER RESOURCES 
Tools and resources previously owned by the author. 
 
Specification Description 
SPSS v.25  Statistical software  
Zotero Reference manager software 
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Appendix A: Scales, constructs, items, assertives, factor loading, h² and references 


















On social media... I feel anxious about the fact that others might find my 
actions awkward. .817 .668 
Alkis et al. 
(2017) 
SCA2 
... I am concerned about being ridiculed by others for the content I have 
shared. .849 .720 
SCA3 
... I am concerned about the fact that the content I share will not be liked 
by others. .839 .703 
SCA4 ... I am afraid that my close friends will not approve of my behavior. .860 .740 
SCA5 
... I would feel uncomfortable when my friends publicly express their 
dislike about content I have shared. .819 .671 
SCA6 ... I am concerned about disapproval of my behaviors by others. .872 .760 
SCA7 
... I am concerned about being judged about my shared content by my 





... the possibility of having my private information acquired by others 
makes me feel anxious. .864 .746 
PCA2 
... the possibility of having my private information shared publicly makes 
me anxious. .883 .779 
PCA3 
... I feel uneasy when my friends share my private information with people 
I do not know. .800 .640 
PCA4 
... I would be concerned if my personal space is accessed without my 
consent. .712 .507 
PCA5 
... I feel anxious about how social media companies/executives handle 
privacy policy regarding my private life. .710 .504 
Interaction 
Anxiety 
IA1 ... I feel anxious when talking with people I have just met. .861 .741 
IA2 ... I feel nervous when I talk with people I do not know very well. .891 .794 
IA3 ... I feel uneasy while making new friends. .887 .787 
IA4 ... I feel tense when I meet someone for the first time. .865 .747 









SEA1 ... I feel anxious about making a negative impression on people. .914 .835 
SEA2 ... I am concerned about people thinking poorly of me. .930 .865 






PSP1 I post photos that only show the happy side of me.  .810 .655 
Kim and Lee, 
(2011) 
PSP2 I selectively post photos in which I am having fun. .793 .628 
PSP3 
I only write messages that portray me as happy regardless of my actual 
feelings.  .772 .596 
PSP4* 
I use smiling emoticons (i.e., smiley: ☺) a lot in the messages I write 
regardless of my actual feelings. - - 
PSP5 
I avoid writing about negative things that happen to me when I update my 
status.  .723 .522 






HSP1* I post photos that show the true side of me.  - - 
HSP2 
I don’t mind writing about bad things that happen to me when I update my 
status.  .880 .774 
HSP3 
I freely reveal negative emotions I feel (for example, sadness, anxiety, or 
anger). .874 .764 








LON2 How often do you feel that you lack companionship? .783 .613 
Russell (1996) 
LON3 How often do you feel that there is no one you can turn to? .859 .738 
LON4 How often do you feel alone? .868 .753 
LON7 How often do you feel that you are no longer close to anyone? .810 .656 
LON11 How often do you feel left out? .837 .701 
LON12 
How often do you feel that your relationships with others are not 
meaningful? .781 .610 
LON13 How often do you feel that no one really knows you well? .744 .554 
LON14 How often do you feel isolated from others? .889 .791 
Group 
Loneliness 
LON5 How often do you feel part of a group of friends? .806 .649 
LON6 
How often do you feel that you have a lot in common with the people 
around you? .797 .635 





LON10 How often do you feel close to people? .879 .773 
  LON1* How often do you feel that you are “in tune” with the people around you?  - - 
  LON8* 
How often do you feel that your interests and ideas are not shared by those 











I struggle to stay in places, where I won’t be able to access social network 




SMUQ2 I feel angry, when I am not able to access my social network account .883 .780 




SMUQ4 I lose track of time, when using social network sites .828 .686 
SMUQ7 I stay online longer than initially intended. .864 .747 
SMUQ8 I spend a large proportion of my day using social network sites. .853 .727 
SMUQ9 I feel guilty about the time that I spend on social network sites .817 .667 
  
SMUQ3* 
My relatives and friends complain that I spend too much time using social 
network sites. - - 
S
MUQ5* 
I use social network sites, when I am in the company of friends 
- - 
Note: *items removed in the Exploratory Factor Analysis phase by the extraction method - analysis of the main component. 























































































































Annex 1: E-mail exchange with Sogang University’s Professor Jung-Hyun Kim, author of the Self-Presentation 
scales used in this study 
 
 
 
 
 
